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Constitutional AI and scalable oversight



Course evals



Constitutional AI: Goals

• Helpfulness and harmlessness are in tension — a helpful agent answers 
malicious questions and a a harmless agent is evasive and unhelpful.


• Goal: create a helpful and harmless agent that is never evasive — when 
declining to help, engages and explains why.


• Support transparency by writing down training goals explicitly in a constitution.


• Also use chain-of-thought reasoning to make AI decision making explicit 
during training.


• Do this all scalably without human data generation



Constitutional AI Bai, Yuntao, et al. "Constitutional AI: Harmlessness from AI feedback." arXiv 
preprint arXiv:2212.08073 (2022).



Constitutional AI Bai, Yuntao, et al. "Constitutional AI: Harmlessness from AI feedback." arXiv 
preprint arXiv:2212.08073 (2022).



Constitutional AI



Scalable oversight

• How can we oversee superhuman systems?


• Hard to study because we don’t have systems that do this broadly yet, and 
even if we did, how would we know if we were succeeding?


• But important study before we get to that point!


• Scalable oversight: the ability to provide reliable supervision—in the form of 
labels, reward signals, or critiques—to models in a way that will remain 
effective past the point that models start to achieve broadly human-level 
performance

Bowman, Samuel R., et al. "Measuring progress on scalable oversight for large 
language models." arXiv preprint arXiv:2211.03540 (2022).



Sandwiching: using current non-superhuman models to determine if scalable 
oversight techniques work



Example scalable oversight techniques
• Debate (Irving 2018): Two AI agents debate for a fixed number of rounds and then human judges which 

agent made a better argument (or can be a single agent playing both roles).


• Market making (Hubinger 2020): Similar to debate, but tries to find an equilibrium strategy where a perfect 
debate adversary can no longer affect the human’s opinion.


• Iterative amplification (Christiano 2018): 

Geoffrey Irving, Paul Christiano, and Dario Amodei. 2018. AI safety via debate. 
arXiv preprint. arXiv:1805.00899.

Evan Hubinger. 2020. AI safety via market making. AI Alignment Forum

Paul Christiano. 2018. Iterative Amplification. AI Alignment Forum



Weak-to-strong generalization

Burns, Collin, et al. "Weak-to-strong generalization: Eliciting strong capabilities 
with weak supervision." arXiv preprint arXiv:2312.09390 (2023).



Weak-to-strong generalization



Course review
• Behavior cloning


• RL + Reward specification


• Interactive RL


• IRL / MaxEnt IRL / Bayesian IRL


• Occupancy matching


• RLHF: Reward-based, reward-free, and performance guarantees


• Cooperation and assistance games


• Natural language for reward inference / design


• Mechanistic interpretability


• Red teaming / Adversarial robustness / Deception


• Scalable oversight


