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Administrivia – HW Submissions

• 5 total late days, up to 3 can be used on a single assignment

• Only 3 late days may be applied to the collective HW2 deadlines!

• No late submissions accepted once late days are exhausted

• Extensions may be granted for specific circumstances

• Religious holidays, unforeseen circumstances (illness, computer / 
internet issues, personal emergency, …)

• Not job interviews, other coursework

• When in doubt, as instructors (via email or private Piazza post)



Administrivia – HW Submissions

• Locked out of Gradescope?

• Create a private Piazza post ASAP and include your submission
as part of the post (via upload/attachment).

• Trouble generating PDFs?

• Exporting to pdf in Jupyter has non-Python dependencies

A. Install needed dependencies, come to office hours for assistance

B. Export to html and then generate pdf separately

1. In Jupyter, export notebook to .html

2. Open .html file in browser, print to file (as pdf)



Administrivia – HW2

• Early deliverable: Peer-annotated data due Tuesday, October 5th

• Submission: 2 CSVs, one for each annotator

• What is the overall annotation task?



Administrivia – HW2

• Each annotator labels your full dataset of 250 tweets

• Choosing label set:

• No more than 5 categories

• Avoid rare categories, say less than ~5%

• 10 tweets → 4%

• 15 tweets → 6%



Administrivia - Health

• If you feel unwell, do not come to class

• Reminder: Complete the COVID-19 daily self-checklist before 
coming to campus/class

• Flu shots are now available. Book an appointment via the Campus 
Health Hub

https://my.umass.edu/on_campus/emerg_response/_/self_checklist
https://uma.force.com/campushealth/s/


There’s no such thing as raw data.



What does this data tell us?

For more: Casselman 2016 

http://www.ams.org/publicoutreach/feature-column/fc-2016-06


What do we need to know about the data? 

For more: Casselman 2016 

http://www.ams.org/publicoutreach/feature-column/fc-2016-06


Case of selection bias & survivorship bias

For more: Casselman 2016 

http://www.ams.org/publicoutreach/feature-column/fc-2016-06


Models were trained on 20-years 
worth of applicant resumes

Penalized resumes:

• containing "women's"

• containing "women's chess captain"

• of graduates from certain 
all-women’s colleges

https://www.reuters.com/article/us-amazon-com-jobs-automation-insight/amazon-scraps-secret-ai-recruiting-tool-that-showed-bias-against-women-idUSKCN1MK08G


Q: What’s the problem and task?



Problem with “unpopular” pages:

• Irregular coverage of topics

• Receive little to no traffic

• Many are auto-generated



Q: What’s the problem and task?



Exercise / In-Class Activity



Only included ~50% of U.S. users, 
not all U.S. users as promised

Only included U.S. users “who 
engaged with political pages 
enough to make their political 
leanings clear”

https://www.nytimes.com/live/2020/2020-election-misinformation-distortions#facebook-sent-flawed-data-to-misinformation-researchers


Q: Is data always objective?



No!
Data is a set of observations. These can be flawed. They can be incomplete, 
inconsistent, inaccurate, noisy, biased, selective, too general, opinionated, and 
more.

Issues are not limited to our interpretation and analysis of data but can stem 
from the data itself.



Q: Is more data always better?



No! More data, more problems.



C4: Colossal Clean Crawled Corpus

• Common Crawl is an archive (TBs) of “web extracted text”

• C4 is a curated version of the Common Crawl

Raffel et al. 2020

6.1 TB → 745 GB

https://commoncrawl.org/
https://jmlr.org/papers/volume21/20-074/20-074.pdf


Curation decisions 

• Only keep lines ending with a terminal punctuation mark

• Remove pages with < 5 sentences, lines with < 3 words

• Remove pages containing terms in the “List of Dirty, Naughty, 
Obscene or Otherwise Bad Words”

• Remove pages containing “lorem ipsum”

• Remove pages containing “{“

• Remove all but one of any-three sentence span that occurs multiple 
times within the data

Raffel et al. 2020

https://github.com/LDNOOBW/List-of-Dirty-Naughty-Obscene-and-Otherwise-Bad-Words
https://jmlr.org/papers/volume21/20-074/20-074.pdf


…but what’s in it? 

Dodge et al. 2021

https://arxiv.org/abs/2104.08758


Issues: Machine Translated Content

Dodge et al. 2021

https://arxiv.org/abs/2104.08758


Issues: Whose English is included?

% in C4
% removed by 

banned words list

African American 

English
0.07% 42%

Hispanic-Aligned 

English
0.09% 32%

White-Aligned 

English
97.8% 6.2%

Dodge et al. 2021

https://arxiv.org/abs/2104.08758


Cat Rank

Hessel et al. 2017

https://www.cs.cornell.edu/~jhessel/cats/cats.html


Cat Rank

Hessel et al. 2017

https://www.cs.cornell.edu/~jhessel/cats/cats.html


Identity matters

Hessel et al. 2017

https://www.cs.cornell.edu/~jhessel/cats/cats.html


Timing matters

Hessel et al. 2017

https://www.cs.cornell.edu/~jhessel/cats/cats.html


More on bias



Where issues can arise

Source: Suresh & Guttag (2020)

https://arxiv.org/pdf/1901.10002.pdf


Not just a data issue!

Source: Suresh & Guttag (2020) 

https://arxiv.org/pdf/1901.10002.pdf



